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Notation

o \Word-level
o xw; : =2 LHO| /R THO{0f| TSt one-hot vector
o hw; : itHRY THO{0]| CHSH history vector
o p(wiy1) @ i+ 11 THO{Z 0| 5517| 28t output.

e Sentence-level
o xs; : j BB 240 st word-to-vec HH.
o hsj: j HAY| F&0|| CHSt history vector
o p(sjy1) : j+ 181 HOIESE 0| =5t7| /8t output.
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Hierarchical RNN Language Model (HRNNLM)
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Hierarchical RNN Language Model (HRNNLM)

e Sentence-level Model
th = f(Usth,1 + WSXSJ')

p(sji+1) = g(Vshs;)
O7|M W, Us, Vs = weight matrix, f(-) : HTanh &%, g(-) : softmax&4
= p(sji+1)0l R =& FaF Z=R57| 2o ChE2t &2 feature hashing
AHE
p(sj41)(t) = g(Vs(t)hsj + > Dhashw.c))
wes;

O17|M (t) & vector?| tRHR A = matrix@| tHAR b, Dpasn.) = hash(-)0l
SHEE| = weight, hash(-)= featureE ¥ =l Z0|Q| QEAZ OfHot= 3*—’,\—
s & jHA &9 Hojdd
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Hierarchical RNN Language Model (HRNNLM)

e Word-level Model
hw; = f(Uyhwi_1 + W, xw;)
p(wis)(8) = £(Va ()W + Do, )

f(-) : HTanh &2, g(-) : softmax&4
wie iR HOf
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